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Abstract: Owing to the existence of atmosphere, the transmission of the light waves will be interfered
by the atmospheric turbulence. It will make the image blurred, the pixels got deviated and the image
signal to noise ratio decreased. Therefore, the research of degraded image restoration technology has

become an important way to obtain high performance image in space optical imaging system. In this
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paper, the research progress of degraded image restoration technology is systematically combed and
analyzed. Firstly, the image degradation model is given and the classification of traditional restoration
method is summarized. Secondly, degraded image restoration methods are systematically surveyed,
especially new restoration technology such as regularization methods, random regularization methods,
methods based on local similarity and exemplary learning. Furthermore, the feature of video restora-
tion is analyzed, and several new methods of video image restoration are presented. Finally, the diffi-
culty of image restoration is summarized. This review has a certain reference value for promoting the
research and development of degraded image restoration technology.

Key words: eegradation model; image blind restoration; regularization methods; learning from exam-

ples; video restoration
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